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Papers

* Human-Aligned Procedural Level Generation Reinforcement
Learning via Text-Level-Sketch Shared Representation

IEEE Transactions on Games, Early Access, 2026

» IPCGRL: Language-Instructed Reinforcement Learning for Procedural
Level Generation
IEEE Conference on Games, 2025

* Multi-Objective Instruction-Aware Representation Learning in
Procedural Content Generation Reinforcement Learning
/EEE Conference on Games, 2026 (Accepted, Best Paper Award Nominee)

* Automatic Curriculum Design for Zero-Shot Human-Al Coordination
IEEE Access, 2025

* Smart Insole: Predicting 3D human pose from foot pressure
NeurlPS Workshop on Touch Processing, 2024

+ Shared Representation for 3D Pose Estimation, Action Classification,
and Progress Prediction from Tactile Signals
arXiv preprint, 2026
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« Programming Language : Python, C++
* Framework : PyTorch, JAX, Flax

* Engine : Unity

* Etc: Git, Docker
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In-Chang Baek*, Seo-Young Lee*, Sung-Hyun Kim, Geum-Hwan Hwang, Kyung-Joong Kim.
Human-Aligned Procedural Level Generation Reinforcement Learning via Text-Level-Sketch Shared Representation. /EEE Transactions on Games, Early Access, 2026.
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Isaac Han, Seo-Young Lee, Sang-Yeon Park, Ecehan Akan, Yiyue Luo, Joseph DelPreto, Kyung-Joong Kim
Shared Representation for 3D Pose Estimation, Action Classification, and Progress Prediction from Tactile Signals. arXiv preprint, 2026.
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Smart Insole: Predicting 3D human pose from foot pressure. Neur/PS Workshop on Touch Processing, 2024
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Won-Sang You, Tae-Gwan Ha, Seo-Young Lee, Kyung-Joong Kim.
Automatic Curriculum Design for Zero-Shot Human-Al Coordination. /EEE Access, 2025
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https://github.com/calendar3450/NHNAIGameProject
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Ol XHXFS O]} SHE. O|Al Ol ZHAY| EFX|(SHE. AlSHSiad N
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Motivation « Ol 25 F% 2P80M 2ot ot &2HE 9Y2 S22 AUAst= 2|z =8
« DHHY 2HA0IM HAIZE SEfohs BT Q1A ool Zatel He
HAR model PFD model - .
Upload/Record Video
Issues - 0| A% 310 SotE ot HIO|E{7} SKY —» XHY| H{O[E{A 75 TR
¢ -6_-!%5._' PyTorCh E%% EHI‘OEI %70:‘ 0."*1 AEI*l?—l- %EIP-CISI-E_' ;o:iao":il-. Iiljg- nEJR inference skeleton | " ’

detect picture frame by keypoint-RCNM

(25-keypoint)
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© Ol HE IO XS 0|5 24 MHIAS I8t A |8 BER B OIS (Flowchart] [Demo App]
© RHIY SOl Hald R HE Y X2 U5 FY




	슬라이드 1
	슬라이드 2: 경력기술서
	슬라이드 3: 대표 연구 1
	슬라이드 4
	슬라이드 5
	슬라이드 6: (1) 인간-AI 제로샷 협력을 위한 커리큘럼 학습
	슬라이드 7: (2) Arcana Trigger 공동 게임 기획·개발
	슬라이드 8: (3) 미술 창작을 위한 행동 인식 및 객체 탐지(학부 산학협력)

